DISCRETE AND CONTINUOUS Website: http://AIMsciences.org
DYNAMICAL SYSTEMS-SERIES B
Volume 6, Number 4, July 2006 pp. 941-955

STOCHASTIC GALERKIN METHOD FOR ELLIPTIC SPDES:
A WHITE NOISE APPROACH

Luis J. RomMAaN

Worcester Polytechnic Institute
Department of Mathematical Sciences
100 Institute Rd
Worcester, MA 01609-2280, USA

MARCUS SARKIS

Worcester Polytechnic Institute

Department of Mathematical Sciences
100 Institute Rd
Worcester, MA 01609-2280, USA
and
Instituto Nacional de Matemética Pura e Aplicada (IMPA)
Estrada Dona Castorina 110

Rio de Janeiro-RJ, 22460-320, Brazil

ABSTRACT. An equation that arises in mathematical studies of the transport
of pollutants in groundwater and of oil recovery processes is of the form:
—Vao - (k(z, - )Vau(z,w)) = f(z), for ¢ € D, where k(z,-), the permeability
tensor, is random and models the properties of the rocks, which are not know
with certainty. Further, geostatistical models assume x(z, -) to be a log-normal
random field. The use of Monte Carlo methods to approximate the expected
value of u(z, ), higher moments, or other functionals of u(z, -), require solving
similar system of equations many times as trajectories are considered, thus it
becomes expensive and impractical. In this paper, we present and explain sev-
eral advantages of using the White Noise probability space as a natural frame-
work for this problem. Applying properly and timely the Wiener-It6 Chaos
decomposition and an eigenspace decomposition, we obtain a symmetric pos-
itive definite linear system of equations whose solutions are the coefficients of
a Galerkin-type approximation to the solution of the original equation. More-
over, this approach reduces the simulation of the approximation to u(z,w)
for a fixed w, to the simulation of a finite number of independent normally
distributed random variables.

1. Introduction. In the mathematical studies of the transport of pollutants in
groundwater and of oil recovery processes one faces a system of stochastic partial
differential equations, which models the two-phase flow in a porous medium. The
system is composed of two equations, a transport equation for the saturation (the
relative volume of one of the two fluids) coupled with an equation for the velocity
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field, which is given by Darcy’s Law and the incompressibility condition of the flow.
The randomness enters the problem through the unknown properties of the rocks,
especially the permeability tensor. With no sources of sink, and neglecting the
effects of gravity and capillarity these equations are of the form (see [3], 4} [5]):

u=\(s)KVp V-u=0

%+V~(F(s)u) =0

Here, u is the total seepage velocity, s is the water saturation, K is the permeabil-
ity, and p is the pressure. The constitutive functions A(s) and F(s) represent the
total mobility and the fractional flow of water. In Furtado-Pereira [3, 4, [5], they
take K to be a log-normal random field so that &(z,-) = log K (z, -) is Gaussian so
its distribution is determined by its mean E[{(x, )] = 0, and its covariance func-
tion Ce(x,y) = E[¢(z,-)¢(y,-)]. They assumed also that {{(x,-)}, . is stationary,
isotropic and fractal. In this paper we deal with one of the equations derived from
(1)), specifically we consider an equation of the form:

—Va. (k(z, ) Vau(z, ) = f(z), forz € D

(1)
u(z,-) =0, on 0D,

where k(z,-) = po + eV¢@) for some py > 0, and Wy(z,-) is the well-known 1-
dimensional White Noise, which is a stationary Gaussian process. The permeabil-
ity function k(z,-) also might be the one characterized by its covariance function
Cu(x,y) = E[(k(z, ) — E[k(z,")])(k(y, ) — E[k(y,)])], and not the process &(z,-)
in the exponent. Knowing the covariance function Cy(z,y) is the same assumption
taken in [1) 2, 10, 14} [15]. Here in this paper we consider both approaches since all
the calculations can be carried with very little changes if one considers the covari-
ance of (x,-) instead of the one for k(x,-) or vice-versa. With these assumptions
k(z,-) satisfies:

0 < po < k(z,w) (2)

for all x € D, and w in the probability space where Wy (z,-) is defined. The addi-
tion of the positive constant pg is to guarantee the existence of the solution and,
in practice, this is what is done when numerical solutions of the coupled system
(1) are to be found. Besides, notice that the positive constant py added to the
original permeability function does not change the form of the covariance function.
We emphasize that the assumption of the stochastic structure of the permeability
function k(z, -) is due, more than anything else, to lack of accuracy in the measure-
ments of the media. Further, the isotropic assumption and specific forms of the
covariance function are features suggested by empirical data. On the other hand,
observe that in principle, given a trajectory or path of the permeability function,
ie., k(z,w) : R? — R, for fixed w € Q, we can approximate the solution of (1)
by a finite element technique. This procedure will produce a linear system whose
dimensions depend on the discretization implemented. In any case, typically these
are very large systems, then in order to approximate the expected value of u(x,-),
or other moments, we could use Monte Carlo methods, in which case, we will have
to solve a similar system of equations as many times as trajectories are going to
be used in the Monte Carlo approximation. This whole work would be expensive
and slow since the stiffness matrices associated to each trajectory are distinct and
therefore need to be assembled and factorized each time. To find alternatives ways
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to solve (1) using less expensive and faster methods is still a very interesting re-
search problem for many scientists and engineers (see [1}, 2,3, [4, 6, 10, 14}, [15] among
others). One attempt to approach this problem without having to solve very large
linear systems many times, is considered in [6] where they proposed an auxiliary
deterministic partial differential equation in higher dimension, whose solution is an
approximation to the solution of (1)) and under very restrictive assumptions on the
function k(z, -) a finite element analysis is developed in [1} 2]. In fact, they consider
(1) on a bounded domain D in R¢, and assumed that there exist positive constants
a1, ag, such that a1 < k(x,-) < ag, P-almost everywhere, for all z € D. They
further assumed that x(z,-) has an expansion of the form

r(z,-) = Els(@, )] + Y ba(2)Xa(), (3)

where the X, are mutually independent random variables such that E[X,] = 0,
E[X2] = 1, and the b,(z) are uniformly bounded functions. In addition, they
require that the X, s have bounded images I',, = X, (), with Q,, = (—=Vn,7n),
Y > 0. Furthermore, they impose yet another restriction on the coefficients of this
expansion such that they can consider a finite truncation which satisfies also the
ellipticity condition. These assumptions are not satisfied neither in model (1) nor
in other permeability functions used in practice, indeed they are very restrictive.
On the other hand, in [6] [10, [14] a broader and similar approach to ours is taken,
however, they do not explore the specific form of our «, and moreover, the equations
they get after truncating terms in the expansion for x is not guaranteed to satisfy
a condition like (2)), and thus the existence of their approximation is questionable.
Here, we present and explain several features which show the advantages of using
the white noise probability space as a natural framework for this problem. Apply-
ing the Wiener-It6 Chaos decomposition, we obtain a symmetric positive definite
linear system of equations whose solutions are the coefficients of a Galerkin-type
approximation to the solution of the original equation. We would like to emphasize
that a remarkable difference between the works in [I}, 2, [10, [14] and ours, is that we
do not need to truncate the permeability function x(z,-), therefore the ellipticity
condition is maintained. In addition, using the white noise approach, we propose a
modification on the Karnunen-Loeve expansion in order to have the process x(z, -)
statistically stationary.

This paper is structured as follows: in Section 2 we introduce the framework
under which these equations can be studied, it is included to make this manuscript
more self-contained and accessible to an audience not necessarily familiar with white
noise theory. Next, Section |3 presents and discuss the problem with more details
and gives results on the Wiener-It6 chaos expansion of k. Section 4 develops the
variational formulation associated to the original problem (1)) and then we introduce
the finite-dimensional stochastic Galerkin method approximation. Finally, in Sec-
tion 5/ we explain how to choose the function ¢ for the white noise Wy (x,.) so that a
given covariance function is matched, and last, details on how to use the Karhunen-
Loeve expansion to choose the underlying functions 7;, in the construction of the
white noise are given.

2. Framework: White Noise. Let d be a positive integer and S(R?) the Schwartz
space of rapidly decreasing functions. S(R?) is a Fréchet space under the family of
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semi-norms:

1110 = sup {(1+ |z[*)|0* f(x)]},
zERC

where k is nonnegative integer, @ = (a1,...,qq) is a multi-index of nonnegative
integers and

olal f
Ox{t ... 0xy*
where |a] = a;...aq. Denote by S’ the dual of S(R?), which equipped with the
weak-star topology is known as the space of tempered distributions. This space
is the one we will use as our basic probability space. As events we will use the
family B(S'(R?)) of Borel subsets of S’(R?), and the probability measure p is
given by the Bochner-Minlos theorem (see [9], page 12). We will call the triplet
(S"(R?), B(S'(R?)), 1) the 1-dimensional white noise probability space, and p is
called the white noise measure. The measure p is also often called the (normal-
ized) Gaussian measure on S’(R%). The measure p has the following property

9o f =

By [e=%7] = / €0 dpufw) = e 3191, (4)
for all ¢ € S(R?), where [|¢[? = ||¢||%2(Rd)’ < w,¢p >= w(¢) is the action of

w € 8'(RY) on ¢ € S(R?), and E,, denotes the expectation with respect to .

Remark 1. Equation (4) says that: for any ¢ € S(R?), the random variable ¢p —<
¢ >, from L2(R?) to 8'(R?), is normal distributed with zero mean and variance

Il

Remark 2. We will denote the expectation with respect to the normalized Gaussian
measure |1 by E,,.

Further, the lemma below will be used throughout this paper:

Lemma 3. ([9], Lemma 2.1.2) Let m1,...,nm, be functions in S(R?) that are or-
thonormal in L?(R?). Let A, be the normalized Gaussian measure in R", i.e.,

A\ (z) = (ZW)_"/Qe_%‘xlzdxl codrn; x=(x1,...,2,) €R?
Then the random vartable
w— (Kw,m >,...,<w,n, >)
has distribution \,. Equivalently,

E,[f(w,m>,...,<w,np >)| = - f(x)d\,(x), for all f € L*(N\,)  (5)

Remark 4. Lemma (3) implies that: if m1,...,n, are orthonormal in L?*(R%)
then the random variables < -;m1 >,...,< -, n, > defined on the probability space
(S"(R?), B(S"(RY)), 1), are independent and nmormally distributed with zero mean
and variance equal to one.

Definition 5. The 1-dimensional (d-parameter) smoothed white noise is the map
w: S(RY) x §'(RY) — R
given by

w(¢) = w(d,w) =<w, ¢ >,
for w e S'(RY), ¢ € S(R?).
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Using Lemma 3/ it is not difficult to prove that if ¢ € L?(R?) and we choose
bm € S(RY) such that ¢, — ¢ in L?(R?), then

<w,p>= lim <w,¢m, >

m— 00

exists in L?(u), and is independent of the choice of ¢,,. Thus, the definition of
smoothed white noise can be extended to functions in L?(R?).

Definition 6. Using w(¢,w) we can construct a stochastic process, called the
smoothed white noise process Wy (x,w), as follows:

Wy(z,w) = w(ps,w), € RY, we §'(RY),
where ¢, (y) = ¢(y — x), is the x-shift of ¢; v,y € R%.

Remark 7. Note that the process {Wy(z,-)}, cpa has the following properties:
i): If supp ¢p,Nsupp ¢g, = 0, then Wy (z1,-) and Wy(z2,-) are independent,
ii): {Wy(z, )}, cpa is a stationary process,
iii): For each x € R%, the random variable Wy (z,-) is normally distributed with
mean 0 and variance ||¢||*.

So {Wy(z,")},cpa is indeed a mathematical model for what one usually intu-
itively thinks of as white noise. In explicit applications the test function or “win-
dow” ¢ can be chosen such that the diameter supp ¢ is the maximal distance within
which Wy(x1,-) and Wg(z2,-) might be correlated.

2.1. The Wiener-Ité6 Chaos Expansion. The Hermite polynomials hy(zx) are
defined by

k_x?/2 d* —z?/2
hi(z) = (=1)%e d—k(e ); for k=0,1,2,.... (6)
x
for k=0,1,2,...,. The Hermite functions & (x) are defined by
Er(x) = 7 Y 4((k — 1)!)_1/2€_z2/2hk_1(\/§]}); for k=1,2,.... (7)

The collection {&;};~, constitutes an orthonormal basis for L?(R) and &, € S(R)
for all k. In the following we show how to construct a set of orthonormal functions
75, on L?(RY). We note that on the last section we propose an alternative way
to define the nj. taking into account that a covariance function associated to the
permeability stochastic field is given.

Let 6 = (61,...,04) denote d-dimensional multi-indices with d1,...,04 € N. Tt
follows that the family of tensors products

& =&y, 00) =6, @ ®E&s,; 6 € N

forms an orthonormal basis for L?(R?). Let §() = (59), ce 5((5)) be the jth multi-

index in some fixed ordering of all d-dimensional multi-indices 6 = (d1,...,d4) € N<.

We can, and will assume that this ordering has the property that
i<j=06" 4. 450 <9 445D

i.e., the {6(j)}jo..;1 occur in increasing order. Now define

=& = &0 @ @65 =1, (8)
We will need to consider multi-index of arbitrary length. To simplify the no-
tation, we regard multi-indices as elements of the space (N). of all sequences
a = (aj,ag,...) with elements «; € Ny and with compact support, i.e., with only
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finitely many a; # 0. We write J = (N}).. Given a € J, define the order and
length of a, denoted by d(a) and || respectively, by

d(a) =max{j:o; #0}
and
lof = a1 +ag + -+ aga)-

Definition 8. Let o = (o, aa,...) € J. Then we define

Ho(w) = [] oy (< wymj >); w € S'(RY)
j=1

The following are two important results about the {Ha} ¢

Theorem 9. ([9], Theorem 2.2.3) The family {Hu},c; constitutes an orthogonal
basis for Li(S’), Moreover, if a € J, we have the norm expression

and

Theorem 10. (Wiener-Ité chaos expansion theorem, [9], Theorem 2.2.4) Every
fe Li(S’) has a unique representation

fw) =Y caHa(w) 9)

aceJ

where ¢, € R for all . Moreover, we have the isometry

||f||2Lﬁ(3f) = Z a!ci (10)

acJ

3. The Problem. Given a function ¢ € L?(R¢) (fixed), the problem that we want
to consider is the following:

—Vy. (k(z,w; ¢)Vyu(z, w; ¢)) = f(x), for z € D

(11)
u(x,-,¢) =0, on 0D

for all w € S'(RY), where k(z,w;p) = po + V@) and Wy(z,w) is the 1-
dimensional smoothed white noise process defined on the 1-dimensional white noise
probability space (S'(R?), B(S’(R%)), ) constructed in the previous section, and
po > 0. Thus, k is the sum of a positive constant and a log-normal random pro-
cess, i.e., k — pg is the exponential of a Gaussian (i.e. normal) stochastic process.
Observe that for different ¢ € L2(RY) there is a different permeability function
k(-, -, ®) associated to it. In what follows, we will omit, whenever there is no danger
of confusion, the dependence of x on the function ¢ just to make the notation less
cumbersome. The log-normal assumption on k — pg is the same as, up to normaliza-
tion, the one used in [3| 4, 5], where in practice they take the absolute permeability
K as K(z,w) = py + e*@®) where {{(z,-)},cga is assumed to be a stationary,
isotropic, and fractal Gaussian field characterized by its mean E{(x,-) = 0, and its
covariance function C¢(z,y) = (a + blz — y|)?, for z,y € R, a,b > 0, and, 3 < 0.
In the context of equation (11)), x — pg, defined for all x € D, and w € S'(R?), is a
stationary and log-normal distributed in the 1-dimensional white noise probability
space.
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3.1. The Wiener-Chaos Decomposition of x(z,-). In this section we develop
on the computation of the coefficients x~ (), which can be used later in equation
(31). First of all, let us define

L®(D,L:(S") = {g :DxS —R: :ggEH[CQ(x, 9] < +oo} (12)

Since Wy(z, ) is normally distributed with mean 0 and variance ||¢[|? it follows that
Bulr(e, @) = po+ ¥/
Eu["g(xv S = P+ 2poe“¢“2/2 + e2lol? (13)

therefore, we have that x € L>°(D, L%(S8’)). Then by the Wiener-Ito chaos expan-
sion Theorem [10, (or see [9], Theorem 2.2.4), it follows that x(z,w) has a unique
representation of the form:

k(z,w) = po + Z Ky () Hy(w) (14)
yeT
Remark 11. Notice that from (14)) and properties of the basis {Hv}; it yields
Bu[s* (2, 9)] = p§ + 2poko(@) + > y1k2( (15)
yeJ

Thus, if k € L>®(D,L2(S")), it follows easily that ., € L>(D) uniformly for all
vyeJ.

Next, we compute explicitly the coefficients ., (z):

Lemma 12. Let v € J such that d(y) =n < N, then
z) = o2 ] a;(z)"
j=1 Vj

where a;(x) = (¢x, 15)-
Proof: The 1-dimensional smoothed white noise w(¢,w) has the expansion

w(g,w) = <w,¢>=<w, > (¢,n;)n; >
j=1

= Z(¢777j) < w, 1 >

j=1
Therefore,
o0
Wy (2, w) = w(¢s,w Z¢m7’r}] <w,n; >= Za] <w,m; >

Jj=1 j=1

where a;j(x) = (¢z,1;). Now, let v € J such that d(y) =n < N, then
Hy(w) =[] b, (< wimj >)

and
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Thus,
_ - .
ky(z)y! = Ey |e jzl“j(m)<'ﬂ7j>Hh'yj(< 15 >)
L j:1
_ E[L H 6aj(m)<"77j>hoyj(< 1y >) H eaj(:r)<.,77j> (16)
=1 j=n+1
_ HEM{GJ($)<J]]>]7’ oy > } H E,[e% ™ <mi>](17)
j=1 j=n+1

) e -3 /2

— e2 fcn+1 79”)1_[/ a;()y; (7 — = dy; (18)

where from equation (16) to (17) we have used the independence of the
< m; > s, and from (17) to (18) Lemma 3. On the other hand, the generating

2
function of Hermite polynomials is e‘t7+t‘”, i.e., we have that

2
_%J’_tl =

e hk( ) (19)

therefore substituting t = a in (19) we get that

+oo
e’ = Z crhi () (20)
k=0

where ¢, = %6“2/2. Using this expansion for e®(®)V%i and substituting in equation

(18) we obtain that

= llen?r ﬁ(aj(x))w (21)
j=1

where we have used the fact that ||H7H%2(H) = 4! from Theorem[9. Hence it yields
that

2) = elol/2 ﬁ w (22)
1 Vi

fory=(v1,...,¥n,0,...,0,...).
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4. Variational and Galerkin Formulations. We next introduce the variational
formulation associated to the problem (11) to define the exact solution u(z,-) and
its Galerkin approximation. Given a permeability function x(z,-) € L*°(D, Li (8")
such that there exists a positive constant pg for which py < k(x,w) for all z € D,
and all w € &', define the following spaces:

H (k, D) = {v :DxS —R:E, /D w(x, )| Vo(z, ) Pde < +oo} (23)

and
Hy(k, D) = {v € H'(k,D):v(z,-) =00ndD}. (24)

Remark 13. Notice that if v € Hg(k,D) then v € L2(S',Hy(D)) since £ is
assumed to be bounded from below away from zero, and hence it has a Wiener-Ito
chaos expansion of the form

v(z,w) = Z Vo () Ho (w) (25)

aedJ

Next, let vg(x)Hg(w) € Hi(k, D), for 3 € J, be a test function then integrating
the left-hand side of (11) with u € H{(k, D) against this function yields

| sy, (Z ua@:)Ha(w)) Vva(2) Hp(w)de du(w)

aeJ
= //f(:c)vg(:c)Hg(w)dx dp(w) (26)
s/ D

Remark 14. Notice that the variational formulation (26) induces a bilinear form
associated to Hy(k, D), as a consequence ellipticity and continuity are automatically
satisfied. The assumption 0 < pg < k(z,w) permits to consider Hy(x, D) closed and
separable since it is embedded into the closed and separable space L7(S', Hy(D)).
In addition, that assumption makes the Poincaré inequality to hold on the space
H(k, D) with respect to the norms H'(r, D) and L2(S', L*(D)), and hence the
right hand side of (26) belongs to the dual of H}(k, D). The existence, uniqueness,
and stability of the solution u satisfying (26) for all 8 € J, follows from the Lax-
Milgram Theorem.

4.1. The Galerkin Approximation. Now, consider
Ingkg ={aeJ:d(a) <N, and, |of <k} (27)
Then to obtain a (V, k)-Galerkin approximation for u(z, w) we restrict to & € Jn k-
We will denote this approximation as u(V:¥) (x,-) and of the form:
WMz w) = Y M (@) Ha(w) (28)
acIN, k
Definition 15. The function uN"¥) € H(k, D) given in (28) is the Galerkin

approximation in H!(x, D), or the H'(x, D)-orthogonal projection of the so-
lution u if it satisfies for all B € Jn.x and vs(x)Hs(w) € Hy(k, D)

| rewve | 3 @@ | Vs daw)

aC€IN, K
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= || 1@ws@ s dute)

Remark 16. Observe that our Galerkin approzimation u™N-*) satisfies a variational
equation with the original permeability tensor Kk, as opposed to truncations of k, and
therefore the ellipticity is now maintained. As a consequence, Lax-Milgram Theo-
rem can be applied to the Galerkin approximation problem and hence uniqueness,
existence, and stability also follow.

We point out that the left hand side of equation (26) results in

Z ///D/Q(x,w)VIugN’k)(x)vaﬁ(x)Ha(w)Hg(w)dmdu(w)

OéejN,k,
-/ /D F()vs(2) Hy(w)dadyu(w)

which can be written as

S [ Tl @) Vs o) B el ) Ha ol

a€EIN,k
- /D £ (@2)vp () B [Hplda (30)

Notice that the right hand side of (30) is zero unless § = 0, i.e. Hg = 1. Also,
in Section 3.1/ we computed exactly the coefficients k- (x) in the Wiener-It6-Chaos
decomposition of k(z,w) for log-normal permeability functions. Then, if we substi-
tute the Wiener-Ito-Chaos decomposition of k(x,-) in E,[k(z,-)HoHpg] of (30) we
have

/ Ry (x)ku(()éN7k) (:L‘)vag(m)EM [HvHaHﬁ]dx
acInved ' P

- /D F(@)vs(2) By [Hplda (31)

for each 3 € Jn. Notice that the later sum is actually a finite sum, since for
o, € Ingk, HoHg can be written in terms of a polynomial of degree at most
2k, and therefore E,[H,H,Hg| = 0 for |y| > 2k + 1, due to the orthogonality of
the Hermite polynomials. Moreover, the terms E,[H,H,Hg| may be computed
beforehand (see [10, [13] and references therein). Therefore, (31) produces a linear
system that can be re-written as

5 [ el Vel Vs e = [ FG@)uao) Byl

a€JIN,k
where
Ka,5(2) = Eylk(z, ) HoHgl = Z ky(2)E [HyHoHgl.
YET:|v|<2k

After solving ugN’k), for each a € Jn 1 we compute

u(N’k)(:zr,w)i Z u(aN’k)(x)Ha(w).

a€JIN, k
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5. On the Choice of ¢ and the Orthonormal Functions 7. In this section,
we show another of the advantages of using the white noise probability space. Em-
pirical studies in geophysical applications suggest specific forms of the covariance
function. Some of these typical covariance functions are considered in [3}, 4, 5]. On
the other hand, different choices for the ¢ function will lead to different covariance
functions. Our goal now is to show that the white noise probability space gives some
flexibility to choose this function so that an specific form of a covariance function
for Cy; or C¢ is obtained. We complete the section showing a suitable choice of the
orthonormal basis 7;, in order to get simpler expressions than using (8) for the co-
efficients a;(z) defined on Lemma[12| as well as to explore the fact that a covariance
function is given. The expressions are based on eigenvector space decomposition of
an integral equation with ¢(z — y) as its kernel, opposed to C(xz — y) as its kernel
used for building the Karnunen-Loeve expansion.

5.1. The Covariance Function C,(z1,z2). By definition, the covariance function
of k(z,-) is

Cular,x9) = By [(k(21,-) = Bulr(a, )] (k(22, ) = Epulr(za,)])]

Also, since the covariance of k(z,-) = pg + €"V*(*) is the same as the covariance of

e (@) it is enough to show our results considering only "#(®«) and we have

Lemma 17. The covariance of V(@)

noise defined in Section 2, is given by:

where Wy (z,w) is the smoothed white

Cr(z1,22) = ell?ll” (e(‘”l’(b%) — 1) (32)

Proof: In order to show this we will choose ny and ns such that they are orthonormal,
and span{m,n2} = span{¢z,, ¢z, }. This can be done by using the Gram-Schmidt
orthogonalization procedure. Straightforward computations give 1 = ¢, /||dl|, and
N2 = ald)ml + a2¢x2; where

+[ ¢l
(16111 —(fey sbep)?) /2

_ F(Pay,Pas) _

a; = , and ag =

LT 101911~ (Bay62)2) ?
Then, using Lemma |3 we have that
Eu[eW¢($1v')€W¢(w27-)}

4 2\1/2
1 (bay bag)t (1218 =(0ay . 605)%) 75 | .
= — e”¢”te [E2 e ToT et /23_5 /thds
2T R2

— OBy ) (33)
Having computed this, we obtain
Calaz2) = Bule ol )eolen)] — F, (eWoler)) 5, (ote)
— el (ewwl,%) _ 1) (34)
O

Remark 18. Notice that if we assume that ¢ is symmetric with respect to the
origin, i.e., ¢(x) = ¢(—x), for all x € RZ, then in the expression above for the
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covariance of the function k, we have that (¢y,, ¢z,) can be written as

(¢z13¢x2) = - ¢(y - x1)¢(y - x2)dy

[ 62160z — (22— 1))z
(¢ * ¢)(l‘2 - .%‘1) = (¢7 ¢w2—w1)
| 6ty + 22— o)y

y P(y)p(y — (1 — 32))dy
= (¢ * ¢)(l‘1 - l‘g) = (¢7 ¢w1—w2) (35)

where we have used the symmetry of ¢ and made the change of variable z = y — x1.
Using this result in Lemma 17 we obtain that Cy(x1,x2) = Cy(x1 —2x2), where Cy(x)
is an even function. We observe that if we want to match specific given values for
the mean and variance of k(x,) = po + k1eWe@) it is enough to match values for
the stochastic part. Denote i := E,[k(z,-)] and 0® = Var[k(z,-)]. We can proceed

as follows: define ko = ||¢|| and we need to have
o= po+kieldl’/2 = po 4 k16k§/2
o2 = kf((g?l\rbll2 _ 6H¢H2) — kf(e%g _ ekg) (36)
hence straightforward computations yield
k= k— Po2 (37)
1+ =0

ky = \/log <1+(szpo)2> (38)

All the computations made in this section are done for a given ¢. However,
sometimes we might be interest in choosing ¢ so that a specific covariance function
can be matched. We discuss this next.

5.1.1. Choosing ¢ to Match a Covariance Function. We will assume that ¢ is sym-
metric with respect to the origin, i.e., ¢(x) = ¢(—=z). Then, in our case and accord-
ing to our results in the previous section, we need to consider covariance functions
Cy(z1,22) that depend only on the difference |x; — x3], so that they can be writ-
ten as Cy (71 — x2), where C, () is an even function. Now, let &, and o2 be the
mean and variance of the stochastic permeability field, then we find k1, and ks from
equations (37)-(38)), and by Lemma 17, all we need to do is to choose ¢ such that
[[¢]] = k2 and

Cu(z) = k%ekg (el®¥) 1)

(14 258 = .00

2 k3
kieR2

hence

Let g(z) :=1n (1 + C”(w)), and since (¢, ¢,;) is actually a convolution, then taking

3
k%ekZ

the Fourier transform on both sides of the last equation, we arrive to

3(6) = (6())” (39)
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Equation (39) gives the condition on g(x) for the existence of such ¢, this condition
is that the Fourier transform of g(x) must be in L!'(R?) and nonnegative, i.e. g
must be a positive definite function (see [16]). Hence, g real and even function such
that § € L'(R?) and positive implies the existence of a real and even ¢ € L?(R%).
Furthermore, by choosing ngS nonnegative, the operator associate to the convolution
on ¢ is going to be nonnegative and of Hilbert-Schmidt type.

Below, we give two one-dimensional examples of functions g(z) satisfying these
properties.

Example 1.: (d = 1) and g(z) = In (1 4 ae~*I?l). In fact,
+oo
g(§) = 2/ In (14 ae™") cos (2méx)da
0

and using that f In(1+ae *)dr < Oy, where C; is a constant, then

\qﬁ( )] < Cq. Let us compute fo In (1 + ae~") cos (2néx)dz. Integrating by
parts, we have that

—+o0
/ In (1 4 ae™"®) cos (2néx)dx
0

B T abeP  sin (2néx)dx
B /0 1+ ae=b= 2
B o ab  sin (27méx)da
/0 ebr +q 2né
B oo ab?ely  cos (2méx)da ab  cos (2mEx) 4o
N _/0 (eb* +a)2 4722 ebr4a 4r2e2

and it is not hard to see that last terms are of order therefore § € L*. In

52?

abe " g positive and strictly decreasing, it is easy to

addition, using that e ——
see that the second integral above is positive for any &, i.e. §(§) is positive.

Example 2.: (d = 1) Let g(z) = In (1 + (a + b|z|)?), for 8 < 0. Let us compute
the Fourier transform of ¢. As in the previous example, since g is even then
its Fourier transform is real and therefore

+oo
9(&) = 2/0 In (14 (a + bx)?) cos (2réx)dx

Next, integrating by parts twice we have

/+0° In (14 (a+ bz)?) cos (2réx)dx

B 6/+°° b(a + bx)P~! sin (2néx)dx
N 1+ (a+ bx)? 2m¢

- b sin (2méx)
- 5/0 (a+bx)' =P + (a + bx) o€
— B cos (2m€x) oo
[(a + bx)1=B + (a + bx)](2m€)2°
o [T 1+ (1= B)(a+bx)"? cos(2nx)da
o / [(a+bx)1=B + (a+bx)]2  (27E)2
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Evaluating the last terms we obtain order O(%) i.e (&) € LY[1,4+o0). For &
small, we procedure as follows:

0 b(a + bz)P~1 sin (27wéx)
_ﬂ/ a+bx)f 2n¢
B g b( a—i—bx A=1 gin (2néx)
_ﬂ/ 1+ (a+bx)? 27¢
oo b + bz )P~ sin (2wéx)
. a+bx)?  2m¢

dzx

dx

-3 dx

For the first term we use that |%| < Cz to obtain O(glig) and for
the second term is bounded by Cf3 [ ;)O ng_[,da: and gives O(gl—fr[,), therefore

g(g) S Ll[O, 1] Finally, using that _ﬂW%—I—(a-‘rbz)
decreasing, we have that (&) is positive.

is positive and strictly

5.2. The Covariance Function C¢(z1,22). If one takes the approach of Furtado-
Pereira in [3|, [4, [5], where the type of stochastic fields are of the form K(z,:) =
k1ef@) | and &(x,-) is a stationary Gaussian random field, with zero mean and
covariance function C¢(z,y), the result analogous to (32) that one needs is

Eu[Wy(z1, )W (22, )] = (day; $as),
and the ¢ to be found is such that

Cﬁ(xh 1‘2) = (¢I1 > ¢a:2)a

and therefore, in accordance to the results in this section, the conditions to guaran-
tee the existence of such a ¢ are that the Fourier transform of C¢(x) is in L'(R%),
and Cg(z) is a positive definite function.

5.3. On the Choice of the Orthonormal Functions 7;,. The kernel K (z,y) =
¢(x — y) is real and symmetric since ¢ is a real and even function. In addition,
for fixed x or y, K(z,y) is square integrable in R? since ¢ € L2(R%). Therefore,
since the domain D is bounded, K(z,y) is square integrable on D x D. Hence, the
operator Ap : L?(D) — L?(D) given by h = Ap1 where

/Kwy y)dy,

is compact of Hilbert-Schmidt type. We note that the operator Ap is nonnegative,
i.e. (Apd,9)p > 0. Indeed, let us define the function § € L*(R?) as equal to ¥ on
D and equal to zero on D¢ the complement of D. Hence, (Ap?,d)p = (A0, 0)pa,
where

/ o(z —y)0(y)dy, z € R™
Using standard Fourier analysis, we obtain
(;1\9, é)le = (éév é)Rd

which is nonnegative since 95 is assumed real and nonnegative. For the two examples
considered in the paper, §(§) is always positive, hence it follows that (Ad,d)p is
always positive whenever [|J]|;2(py # 0. Since Ap is a Hilbert-Schmidt operator,
there exists a sequence of orthonormal basis 9J; for L?(D) which are eigenfunctions
for Ap with corresponding nonnegative and nonincreasing eigenvalues p; > 0. We
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define the n; € L?(R?) as equal to ¥; on D and zero on D°. We next evaluate
a;(x) = (¢, 1n;)re. We note that (¢,7;)re = (¢z,9;)p. In addition, when z € D,
(¢, 95)p = w;9;(x), while when z € D we cannot explore the eigenfunctions
properties since they are not defined outside D; fortunately the evaluation of a;(z)
for x € D¢ is not required in the proposed methods. An orthonormal basis for

L2

1

[2

3
4

5

6

8

9

[10

[11

[12

(13
[14

[15

[16

(R%) can be constructed by adding any orthonormal basis for L?(D¢) to the 7;;.
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