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Main Takeaway:

CODetect has a positive effect on residential carbon monoxide detection and
ventilation, displaying an increased performance 1n carbon monoxide forecasting

and ventilation of dead zones compared to standard hazard mitigation systems
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Abstract

CODsetect
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of CO from dead zone to filtration system

Background

. Carbon monoxide (CO) = poisonous, tasteless, and
colorless gas, — difficult to detect and ventilate

Predictive CO Modelling Multivariate Sensor Characterization
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. CO - hypoxia (lack of oxygen) - death

- Dead Zones: Areas with low circulation and high
CO levels — primary driver of CO level increase

- SimScale: Software to simulate fluid flow within a
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M lacen Visualization combines the physics of the jet (Blue) and the return flow

(Red) to show how CO 1s moved from the dead zone to the suction.

Standard

Ventilation Graph above shows how far air reaches from design 3 compared to a standard diffuser

through python simulation. Results show how design 3 has a greater reach than the control
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Future Steps

ith memtlat i e ’ ’ ! i . Implement real-time spatial learning for CODetect mobile app to map buildings and surroundings while tracking
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« Validate simulations with thermally buoyant tracer (solder smoke) using closed, proportionally dimensioned

container

Decision matrix that compares CODetect
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